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While prior research has explored live shopping from various perspectives, this study centers on 
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how both monetary and non-monetary interactions influence consumers’ perceived functional 
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An online questionnaire was designed using validated scales, and empirical data were analyzed 

using R and SmartPLS. Monetary interactions enhance both functional and emotional value, while 
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emotional value positively influence purchase intention. It is also found that interaction intensity 

directly influences purchase intentions, rather than moderating the effects of perceived values or 

risk. 

This study provides empirical evidence that both types of interactions are crucial drivers of 

consumer purchase intentions, though contributing differently to perceived functional value and 

emotional value. Furthermore, this study also extends the discussion to the European context and 

compares differences in value perceptions between Chinese and European consumers. Finally, 

practical implications are put forward for the retailers and consumers participating in live shopping. 
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1. Introduction 

1.1 Background 

1.1.1 Introduction of Live Shopping 

Live shopping is an interactive selling channel that leverages live streaming to showcase 

products while enabling real-time engagement between sellers and consumers. By incorporating 

time-limited promotions and direct product demonstrations, live shopping creates an immersive 

and dynamic atmosphere that captivates consumers and encourages them to stay engaged and 

make purchases. At the same time, consumers can explore the brands and products in greater 

detail by asking questions, seeking recommendations from hosts, and interacting with other 

viewers through live comments. 

Live shopping is not only utilized by retailers as a marketing strategy to introduce their 

products, but also by influencers who host livestreams to promote a curated selection of products 

from various brands. These livestreams take place across multiple platforms, including social 

media applications, live streaming platforms, and retailers’ official websites. In 2022, YouTube, 

Facebook, and Instagram were the main platforms used by retailers for live shopping worldwide 

(Statista, 2022). 

Live shopping is revolutionizing the e-commerce landscape by meeting consumer needs 

and driving substantial business value at the same time. From the consumers’ perspective, live 

shopping offers a holistic channel that combines hedonic, social, and shopping benefits through 

an enhanced shopping and socialization experience (Xu et al., 2020). For retailers and brands, 

live shopping not only improves brand appeal and differentiation, but also boosts conversion 

rates up to ten times higher than traditional e-commerce by offering immersive experience and 

shortening the customer decision journey (Arora et al., 2021).  

1.1.2 Live Shopping in Geographic View: China and Europe 

Live shopping first emerged as a trend in China. Alibaba, the Chinese retail giant, 

pioneered the integration of live streaming and e-commerce by introducing Taobao Live in 2016, 

laying the foundation for the rapid expansion of live shopping (Ki et al., 2024). Over time, this 

innovative form of e-commerce has become an indispensable part of the Chinese online shopping 

journey. According to The 53rd Statistical Report on China’s Internet Development, live e-

commerce continues to grow rapidly in China with the number of users reaching 597 million by 
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December 2023, which is up 82.67 million from the previous year and accounts for 54.7% of all 

internet users (China Internet Network Information Center, 2024).  

Several key factors have contributed to the boom of live shopping in China. According to 

Pavic (2025), a key driver is the seamless integration of digital ecosystems, enabling users to 

transition effortlessly from watching live streams to making purchases with just a few clicks on 

platforms like Douyin and Taobao. Additionally, fandom culture and influencer endorsements 

play a crucial role in building consumer trust and brand affinity, particularly among digitally 

savvy Gen Z consumers (Pavic, 2025). The engaging and entertaining nature of live shopping has 

further captivated a strong and large viewer base. 

Gradually, live streaming has transformed the retail sector, ushering in a new era of e-

commerce. Between January and November 2024, China’s live streaming e-commerce retail 

sales reached 4.3 trillion RMB, contributing 80% of the overall growth in the e-commerce 

industry (National Academy of Economic Strategy, CASS & Chinese Association of Market 

Development, 2024). The industry is expected to maintain strong momentum, with a compound 

annual growth rate (CAGR) of 18.0% from 2024 to 2026 (iResearch, 2024). 

A major appeal of live shopping lies in its direct-to-consumer model, where products are 

sourced directly from factories and sold with time-limited discounts, attracting price-sensitive 

shoppers seeking the best deals. In China, groceries became the most purchased category among 

live e-commerce users between 2021 and 2022 as a trend accelerated by the COVID-19 

pandemic, when live streaming farmers gained wide popularity (Becdach et al., 2023). The rapid 

growth of live streaming e-commerce has not only stimulated consumer spending and revived the 

Chinese economy post-pandemic but has also generated numerous job opportunities across the 

industry (Wu, 2023). 

Even though live shopping in China has transformed the industry and encouraged 

increasing viewer participation in online purchasing, the growth of it has lagged behind and been 

largely underestimated in European context. One reason for the limited success of live shopping 

in the West can be a lack of understanding of consumer perceptions and behavior in the Western 

context (Haidar, 2024). To be more specific, from the customer perspective, live shopping is 

perceived as a complement to normal e-commerce or physical purchases rather than an 

independent sales channel (Andersson & Pitz, 2021). European customers also consider it is hard 

to make a choice in live streaming content (Becdach et al., 2023). Moreover, concerns about 
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payment security, General Data Protection Regulation (GDPR) compliance, and impulse buying 

have been identified as major barriers to live shopping in Western markets, particularly in 

European countries (Andersson & Pitz, 2021; Lo et al., 2022; Statista, 2023). 

However, as success has been proven in the Chinese market, the profitable future of live 

shopping and its potential of expanding the interactive boundary of e-commerce is still attracting 

EU retailers and streamers to invest in it. For example, Parisian department store Le Printemps 

launched its live shopping channel “En mode Printemps” in 2021, while Kering acquired a 

minority stake in US live shopping platform NTWRK in the same year (Muret, 2022). Similarly, 

Zara plans to expand its successful Chinese live shopping model to the U.K. and other European 

markets, aiming to drive sales and enhance customer engagement (Reid & Pons, 2024). 

Meanwhile, a study by Tolouee (2021) found that 70% of European consumers hold a positive 

attitude toward live shopping. Although live shopping has yet to become a mainstream channel 

among European consumers, many brands recognize its potential in the future of e-commerce 

and have begun experimenting with live shopping strategies. 

1.2 Objectives and Research Questions 

Live shopping offers retailers opportunities to provide real-time, customer-specific 

product information and create an engaging and enjoyable purchasing atmosphere. Viewers, in 

turn, can naturally participate in interactions during live streaming sessions, such as acquiring 

coupons and discounts, engaging with hosts and co-viewers, and commenting on goods and 

brands. Within this context, both monetary and non-monetary interactions play a significant role 

in shaping consumers’ perceptions. These interactions with streamers and fellow viewers may 

lead consumers to perceive both functional and emotional values, as well as potential risks 

associated with live shopping, which ultimately influence their intentions to purchase products 

promoted during the streaming. 

In recent years, a growing body of research has explored the factors influencing consumer 

purchase intentions in live shopping, with a focus on consumer behavior including social and 

psychological factors. Several studies have examined the impact of interaction quality, perceived 

interactivity, and parasocial interactions on consumers’ buying intentions in live streaming 

commerce settings (Li et al., 2022; Joo & Yang, 2023; Fu & Hsu, 2023). However, despite 

interactivity being a key feature of live shopping, few studies have categorized interactions into 

monetary and non-monetary types, nor have they considered how the interactions between 
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viewers and streamers shape consumers’ perceptions of functional value, emotional value, and 

risk. This classification could provide a clearer understanding of how money-related and non-

monetary engagements contribute differently to consumers’ perceived value and risk, thereby 

offering a more nuanced view of their influence on purchase intentions. This study attempts to 

address how retailers manage cost distribution in live shopping promotions, particularly when 

large volumes of coupons are used to drive purchases. It questions whether allocating more 

resources to emotional interactions could enhance marketing effectiveness and efficiency, 

potentially reducing overall costs. 

Furthermore, there is limited literature examining the moderating role of interaction 

intensity and how it influences the relationship between consumer perceptions and shopping 

intentions in live shopping context. This study assumes that the varying levels of interactivity 

may affect how consumers perceive the overall live shopping experience, which in turn can 

either increase or reduce their purchase intentions. 

Therefore, this study considers monetary and non-monetary interactions as independent 

variables and interaction intensity as a moderating variable. It proposes a conceptual framework 

that integrates Uses and Gratifications Theory and Social Exchange Theory to assess the 

mechanisms linking steamer-viewer interactions to purchase intention. Detailed explanations of 

each variable and the relations among them are discussed in Section 3: Theoretical Framework. 

Moreover, from a geographical perspective, while live shopping has become a 

mainstream marketing strategy in China, European retailers are only beginning to adopt this 

innovative e-commerce format. As a result, live shopping remains underdeveloped and 

underutilized as a digital marketing tool in Europe. It is meaningful to compare these two regions 

and identify potential patterns of similarity and difference. Furthermore, there is a lack of 

academic literature exploring the applicability of China’s successful live shopping practices to 

the European market. Our research, though gathering substantial samples from Chinese 

consumers, also aims to collects insights from European participants as a minor study. Even 

though the sample size is limited, this minor study may be able to help European retailers and 

live streaming platforms understand the patterns of consumer behavior between the two regions 

and provide practical insights into how live shopping can be more effectively developed within 

the European markets. 
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Holding both theoretical and practical implications, the research objective of this study is 

to explore the mechanisms through which consumer interactions influence purchase intentions in 

live shopping from a consumer perspective. The research objective can be further framed into the 

following questions:  

1. In the context of live shopping, what mechanisms drive the influence of interactions on 

consumers’ perceived values and perceived risks? 

2. How do customers’ perceptions further impact their purchase intentions? 

3. What moderating effects does interaction intensity have on the relationship between 

viewer’s perceptions on their purchase intentions? 

4. Minor Study: How does live shopping in EU markets differ from or resemble the Chinese 

market from a consumer perspective? 
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2. Literature Review 

2.1 Live Shopping 

Live shopping is defined as the execution of e-commerce activities and transactions 

through a live streaming platform (Xu et al., 2020). Picot-Coupey et al. (2023) summarized six 

distinctive characteristics of live shopping from traditional retail services: product offer and 

information delivered, role of the streamer, the broadcasting medium, temporal specificity, 

communication and promotion strategies, and pricing. Propelled by the global reach of social 

networking sites, live streaming shopping serves as a marketing tool that not only boosts product 

sales but also strengthens consumer relationships (Ki et al., 2024). According to a survey 

conducted by Wang et al. (2022), live streaming improves consumers’ perceptions of products 

and online stores while also providing enjoyment and excitement, which actively encourages 

impulse buying.  

As a relatively new retail format, live shopping has received significant research 

attention, focusing on its key components—platforms, streamers, viewers, and content 

information—and their impact on consumers’ attitudes and behaviors. Sun et al. (2019) studied 

IT affordance and found that technical features (i.e. visibility, meta voicing, and guidance 

shopping) positively influence customer purchase intention through live streaming shopping 

engagement. From the e-tailer’s perspective, Zheng et al. (2022) differentiated customer 

engagement behaviors and examined positive predictors for customer acquisition and purchase 

intention in the live streaming. From the customer’s perspective, Cai et al. (2018) explored the 

relationship between hedonic and utilitarian motivations and shopping intention, as well as the 

reasons consumers prefer live shopping over traditional e-commerce.  

Live shopping enables more immediate and interactive engagement between streamers 

and consumers compared to any other e-commerce setting (Joo & Yang, 2023). Considering that 

real-time interaction is the distinguishing feature of live shopping, many scholars have 

investigated the impact of consumer participation on purchase intention. For instance, Chen et al. 

(2022) found that Swift “guanxi”, which develops in buyer-seller interactions, drives buyers’ 

purchase intention in live shopping. Fu and Hsu (2023) demonstrated that parasocial interaction 

with the streamer and co-viewers enhances shopping values, with utilitarian and hedonic values 

potentially encouraging impulse buying. Liu et al. (2024) revealed that perceived social 
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interactions in streaming foster positive attitudes toward the media, ultimately motivating 

consumer behavior. 

2.2 Theoretical Background 

2.2.1 Uses and Gratifications Theory 

The Uses and Gratifications Theory (UGT) has long been applied in mass communication 

research across various media. Its origins trace back to the 1940s when researchers began 

investigating why audiences engaged with different forms of media, such as radio and 

newspapers (Wimmer & Dominick, 1994). Early studies in the Uses and Gratifications Theory 

were primarily descriptive, employing qualitative methods to categorize audience gratifications 

(Ruggiero, 2000).  

After evolving toward a more functionalist perspective, researchers in the 1970s focused 

largely on audience motivations and how individuals used media to satisfy social and 

psychological needs (Liu, 2015). Katz et al. (1973) outlined five basic elements of the Uses and 

Gratifications model, including the key assumption that audiences play an active role in media 

choice. This view, which sees audience members as active participants rather than passive 

consumers, has shifted research attention from media content to media audience. Media usage is 

driven by specific motives, and this becomes more relevant as the growing number of media 

options provides audiences with an abundance of choices (Kasim et al., 2020).  

With technological advancements expanding media options, UGT has increasingly 

focused on online audiences and extended to emerging platforms such as mobile phones (Chua et 

al., 2012; Leung & Wei, 2000), social media (Dolan et al., 2016; Gan & Wang, 2015; Whiting & 

Williams, 2013), and online gaming (Li et al., 2015; Wu et al., 2010). Ruggiero (2000) 

highlighted that new media forms share at least three attributes of data not commonly associated 

with traditional media: interactivity, demassification, and asynchroneity.  

More recently, scholars have adopted Uses and Gratifications Theory to the study of live 

shopping. Cai and Wohn (2019) employed the UGT framework to identify four key motivations 

related to live streaming commerce and analyzed the relationships between these motivations and 

behavioral intentions across different scenarios. Similarly, Bawack et al. (2023) applied the UGT 

to demonstrate that purchase intention is driven by need gratifications and media attributes that 

positively shape consumers’ attitudes during social media live streaming.  
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Based on the Uses and Gratifications Theory, gratifications shape user preferences and 

interactions with media platforms. Understanding these gratifications provides insight into 

individual media choices and their impact on user behavior. Previous research has predominantly 

focused on utilitarian and hedonic gratifications as key drivers of consumer shopping behaviors 

(Cai et al., 2018). According to Babin et al. (1994), utilitarian shopping results from “some type 

of conscious pursuit of an intended consequence” and is characterized as goal-driven, task-

oriented and rational. In contrast, hedonic value is more spontaneous, subjective, and personal, 

linked to “increased arousal, heightened involvement, perceived freedom, fantasy fulfillment and 

escapism” (Babin et al. ,1994). In the context of live shopping, some scholars also have explored 

additional gratifications beyond utilitarian and hedonic needs that may further drive consumers’ 

purchase intentions. For example, Ma (2021) found that social gratifications (i.e. social presence 

and interaction) can motivate individuals to engage in live shopping. Wang and Oh (2023) 

identified that content gratifications linked to information sharing also affect continuous purchase 

intention in TikTok live streaming. 

This study chooses the Uses and Gratifications Theory for two key reasons: First, a core 

notion of UGT is the active involvement of users, which is further strengthened by the 

interactivity of the media (Ruggiero, 2000). Given the highly interactive nature of live shopping, 

applying UGT provides a suitable framework for studying consumer behavior in this context. 

Second, UGT takes an audience-centric approach, making it valuable for identifying consumers’ 

context-specific motivations for engaging in live shopping and understanding the factors that 

influence their purchase intentions in our research. 

2.2.2 Social Exchange Theory 

Apart from Uses and Gratifications Theory, this study attempts to enrich the theoretical 

framework and close the research gap by leveraging the well-established Social Exchange 

Theory (SET). SET was initially developed by economic and sociological exchange research to 

explain the power of exchange in social life (Blau, 1986). The theory asserts that some non-

official transactions, viewed as social exchanges, happen frequently and unintentionally when 

people gain something while paying a price in their interactions with others (Blau, 1986). For 

example, social exchange initially can be a system where fishermen and inland gardeners 

exchange vegetables and fish (Gouldner, 1960). This reciprocal system is enforced by mutual 

obligations: neither party can refuse, delay, or stint in their contributions (Gouldner, 1960). And 
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social interactions are the mechanisms by which exchanges take place, and relationships develop 

when reciprocity occurs (Blau, 1986). It is notable that SET has also been well-adopted to 

analyze the mechanism of building long-term relationships based on intrinsic and extrinsic 

benefits (Molm, 1997). For example, employees often view social exchange relationships at work 

as long-term and expect to gain benefits from them (Wayne et al., 1997). And commitment 

between exchange partners is an interpersonal attachment that leads a person to exchange 

repeatedly with the same partners (Cook & Emerson, 1978). 

Another key aspect of SET is the process by which people evaluate social exchanges and 

decide whether to participate in them. To be more specific, individuals decide whether to engage 

in resource exchanges with others by assessing the perceived benefits and costs involved (Yu, 

2022). In other words, customer perceived value and perceived risk are effective evaluations 

when reflecting their psychology of pursuing maximum benefits, thereby exploring whether 

interactions during social exchange influence customers’ purchase intentions. This pair of factors 

has been central in consumer behavior and marketing studies, especially when analyzed through 

the SET. Value has been defined as all factors, both qualitative and quantitative, subjective and 

objective, that make up the complete shopping experience (Schechter, 1984). And customer 

perceived value can be grouped into low price, product expectation, quality compared to price, 

and outcome of exchange (Zeithaml, 1988). On the other hand, perceived risk reflects the 

consumer’s assessment of uncertainty and the potential negative consequences associated with a 

purchase (Bauer, 1967). Studies also provide evidence that in social exchange, a consumer’s 

perceived risk reduces the consumer’s intention to purchase, and trust to a large degree addresses 

the risk problem in e-commerce (Kim et al., 2008). 

SET has been applied to various interaction contexts, such as studying organizational 

fairness (Konovsky, 2000) and board independence (Westphal & Zajac, 1997). However, its 

application in online networks remains limited. In entertainment online streaming and live 

shopping content, research within the framework of SET includes interactions during live 

streaming on Douyu game live streaming satisfy psychological needs such as companionship and 

entertainment, with most of other social exchanges being of a mixed type rather than two factors 

(Zhou & Jin, 2009). Moreover, the number of participants affects customers’ online purchase 

intentions by influencing their perceived social costs (Yu et al., 2022).  
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In this light, Social Exchange Theory is suitable for our research for two main reasons: 

Firstly, live shopping platforms thrive on immediate, interactive exchanges between streamers 

and viewers, which align perfectly with SET’s core principle of reciprocity. Secondly, the 

ultimate purpose of retailers making use of customer interactions is to increase final purchase 

conversions, and in the long run, build customer loyalty and purchase stickiness. Therefore, the 

application of SET proves to be both effective and dependable in fostering long-term 

relationships and building reliance. 
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3. Theoretical Framework 

In the theoretical framework shown in Figure 3-1, the UGT and SET model together are 

integrated to formulate a coherent and comprehensive research model adapted to the live 

shopping content.  

UGT provides a foundation for understanding the perceived value derived from the 

consumers during live shopping interactions and motivations behind their purchase intentions. 

Utilitarian and hedonic gratifications are an integrative part of the UGT framework. Babin et al. 

(1994) argued that utilitarian and hedonic values have a fundamental presence across 

consumption phenomena. This duality serves as an important dimension in evaluating shopping 

experiences. Building on previous literature, this thesis proposes functional value (which refers 

to practical benefits like product quality, usefulness and cost-effectiveness) and emotional value 

(which relates to psychological satisfaction and social engagement) to offer a more focused yet 

inclusive perspective to categorize consumers’ gratifications. 

UGT explains that a customer’s purchase intention is triggered by the various perceived 

value gratifications, which are generated from their uses of live shopping. However, while UGT 

effectively justifies the value aspects, it does not fully account for the role of risk in the decision-

making process. 

SET extends this research framework by emphasizing the role of interactions and 

perceived risk in shaping consumer perceptions. Unlike UGT, which focuses primarily on the 

perceived value, SET explains that perceived value and perceived risk are both included within 

customer’s evaluation of an exchange. And the two criteria therefore impact the final purchase 

intention which is made during the interactions between streamers and viewers.  

In summary of the suggested research model, streamers interact with viewers, offering 

discounts, rewards, and giveaways, chatting and sharing opinions with viewers. These 

interactions influence viewers’ perceived functional value, perceived emotional value, and 

perceived risk, which in turn shape their purchase intentions. Additionally, interaction intensity is 

included as a moderating variable to enhance the model.  
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Figure 3-1 

Theoretical Framework 

 

3.1 Relations between Monetary Interaction and Mediating Variables (H1, H2, H3) 

In this study, monetary interaction in live shopping refers to behavior of streamers to 

attract viewers and stimulate purchases, such as offering discounts (limited-time promotions), 

conducting lotteries, and providing special gifts. Viewers engage in those interactions with 

streamers due to practical and psychological motivations such as cost reduction and excitement.  

Perceived functional value refers to the practical benefits and gratifications which the 

viewers experience and derive from live shopping, as an outcome of cognition and rationality. It 

occurs when specific consumption needs are met, such as ease of use, time efficiency, cost-

effectiveness, good discounts, trend awareness, fashion consciousness, and convenient access to 

product information.  

Products introduced by streamers already have their own original functional value based 

on their features and utility. Monetary interactions, however, enhance this value by creating 

additional and situational benefits for viewers. When offering monetary incentives, streamers 

improve the cost-effectiveness of the product and the overall benefit of the purchase, ultimately 

increasing the perceived functional value. Therefore, we expect: 

H1: Monetary interactions positively impact perceived functional value. 

Perceived emotional value relates to the pleasurable and entertaining gratifications 

gained by the viewers during live shopping experiences, fulfilling their emotional needs. It is 
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associated with psychological satisfaction and social involvement and can be realized through 

feelings of fulfillment, enjoyment, freedom, excitement, engagement, and novelty. 

Monetary interactions during live streaming, like red pockets and lottery activities hosted 

by streamers, also generate a sense of excitement and enjoyment, contributing to consumers’ 

emotional value. These rewarding elements foster a cheerful and welcoming atmosphere, 

enhance consumer pleasure, capture their attention, and increase their engagement in live 

streaming commerce (Wang et al., 2022). Through monetary interactions, consumers obtain 

time-limited incentives exclusive to the live streaming room, thus fostering a hedonic atmosphere 

and heightening their sense of community (Liu et al., 2022). Thus, we propose that:  

H2: Monetary interactions positively impact perceived emotional value. 

Perceived risk measures the extent to which customers worry about product quality and 

after-sales service while interacting with streamers in the live shopping context. In previous 

studies, perceived risk is a concept used by consumer researchers to explain consumer 

perceptions of the uncertainty and adverse consequences of buying a product or service (Dowling 

& Staelin, 1994). It can be also understood as a consumer’s belief about the potential uncertain 

negative outcomes from the online transaction (Kim et al., 2008). Risks can be further classified 

into different clusters, such as product class risk and product specific risk (Dowling & Staelin, 

1994). Meanwhile, Featherman and Pavlou (2003) proposed a more comprehensive set of 

perceived risks related to e-service adoption: performance, financial, time, psychological, social, 

privacy and overall risk. However, in this study, risk is only measured in a general manner to 

reduce the complexity of the model. 

During the live streaming, monetary interactions provide consumers with clear financial 

incentives, such as discounts and giveaways, which create a sense of value security, reducing 

consumers’ concerns on overpaying or making poor purchasing decisions. In addition, streamers 

often use monetary incentives such as additional warranties, extended guarantee period without 

extra costs. These tangible benefits serve as signals of product credibility and seller reliability, 

enabling consumers to feel more assured about product quality and post-purchase support, 

thereby lowering the perceived risk. Thus, this study expects the similar to hold in the current 

context: 

H3: Monetary interactions negatively impact perceived risk. 
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3.2 Relations between Non-monetary Interaction and Mediating Variables (H4, H5, H6) 

In this study, non-monetary interaction refers to real-time engagement between viewers 

and streamers during live shopping, such as pressing the like button, sending live comments, and 

participating in polls. These interactions do not involve changes in product prices or customer 

benefits but rather focus on psychological and emotional exchanges. 

During live shopping, streamers and viewers engage in frequent non-monetary 

interactions. Through expressing opinions and commenting on products, viewers experience a 

sense of active participation during the stream. This engagement increases informational clarity 

of the product and fosters emotional connection with the content, thereby enhancing their overall 

perceived value. 

Streamers explain the brand and the products in an immersive and targeted way, and they 

can respond directly to viewers’ real-time comments. This dynamic and two-way communication 

levels up consumers’ perceived functional value by making the shopping experience more 

bespoke and informative. The real-time nature of live streaming supports hosts to deliver 

authentic and precise information tailored to consumers’ specific needs, giving viewers a better 

understanding of the products and increasing the efficiency of their purchase decisions (Wang et 

al., 2022). In this case, we expect that:  

H4: Non-monetary interactions positively impact perceived functional value. 

In addition to informational content, streamers often use humor, compliments, and 

interactive games with viewers to enhance the mood of the streaming room. These entertainment 

interactions in live streaming leverage emotion-based content marketing strategies, enabling 

consumers to recognize the entertainment value (Tan, 2024). And creating a positive interactive 

environment helps stores establish a favorable shopping atmosphere, leading to positive 

consumer impressions and ultimately impacting purchasing behavior (Sirgy et al., 2000). Non-

monetary interactions thus contribute to a positive psychological experience for views and 

strengthen their emotional connection with both the streamer and the brand. Therefore, we 

suggest that: 

H5: Non-monetary interactions positively impact perceived emotional value. 

Furthermore, through live comments, users interact with others by asking product-related 

questions and sharing opinions. This exchange of knowledge significantly not only enhances 

perceived experiential value while also reducing consumer anxiety and perceived risk (Wei et al., 
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2021). In other words, interactions between streamers and viewers help to ease uncertainty and 

build an initial foundation of trust. Following these interactions, consumers become more 

confident in their purchase decisions, thereby lowering their perceived risk. Thus, this study 

expects the similar to hold in the current context: 

H6: Non-monetary interactions negatively impact perceived risk. 

3.3 Relations between Mediating Variables and Purchase Intention (H7, H8, H9) 

Purchase intention refers to a consumer’s intention to transact through live shopping 

channels in the future, including their anticipated behavior and preference for choosing live 

shopping as a primary option (Sun et al., 2019; Pavlou, 2003). Additionally, purchase intention 

arises after consumer needs emerge, with the psychological willingness to buy determining 

whether an actual purchase occurs (Schiffman et al., 2010). 

In this study, consumer purchase intention is determined by the perceived value 

(functional value and emotional value) and the perceived risk, which shape their overall 

perception of a product during the viewing experience. Purchase intention represents a 

consumer’s desire to purchase a product recommended by the streamer during a live shopping 

session and to continue using this shopping channel. 

According to Social Exchange Theory, when customer overall perception reaches a 

satisfactory level, consumers are more likely to develop a strong purchase intention, leading to an 

exchange of goods and money with the seller. Previous research also highlighted that higher 

perceived value of a product or service enhances consumer purchase intention (Aravindakshan et 

al., 2004). In online interactions, perceived value positively influences consumers’ willingness to 

switch channels, making them more likely to stay on online platforms for future purchases (Zhao 

& Zhang, 2015).  

While the SET assesses the overall customer perception during the interactions during 

live shopping, Uses and Gratifications Theory goes deeper into the classifications of functional 

value and emotional value perceptions. 

Previous research has shown that perceived utilitarian gratifications could influence 

users’ adoption of live shopping and their purchase intention. Consumers’ utilitarian motivations 

for joining a live shopping session often include acquiring a specific product, taking advantage of 

discounts, finding precise information, and enjoying the convenience (Picot-Coupey et al., 2023). 

When consumers perceive high functional value, they are more likely to view live shopping 
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experience as efficient and worthwhile, thereby increasing their intention to make a purchase. 

More specifically, perceived functional value, including cost-saving and information seeking, 

contributes to consumers’ continuous purchase intention (Wang & Oh, 2023). Therefore, this 

study proposes the following hypothesis: 

H7: Perceived functional value positively impacts consumer purchase intention. 

Meanwhile, from the perspective of UGT, emotional value, like a high level of perceived 

enjoyment in live shopping, offers hedonic gratification to consumers, potentially influencing 

their intention to participate in live-stream shopping (Ma, 2021). Similarly, Joo and Yang (2023) 

also indicated that enjoyment gratification can lead to consumers’ shopping intentions in live 

shopping. Consumers may experience psychological states such as satisfaction and thrill during 

live shopping. In such emotionally charged moments, these positive feelings can urge consumers 

to make purchases or return to the platform in the future. In this case, we expect: 

H8: Perceived emotional value positively impacts consumer purchase intention. 

In other theoretical models adopted in previous research, perceived risk commonly 

appears as a barrier to an individual’s certain actions in online settings. For instance, Featherman 

and Pavlou (2003) demonstrated in the context of online services that higher perceived risk 

reduced consumers’ willingness to adopt new technologies. Moreover, increased perceived risk 

negatively affects consumers’ trust in brands and therefore lowers down their purchase intentions 

in e-commerce (Kim et al., 2008). In the context of live shopping, perceived risk diminishes the 

confidence in the product and erodes trust in both the streamer and the brand. This uncertainty 

and anxiety eventually reduce consumers’ intention to transact through this channel.  

Therefore, we propose:  

H9: Perceived risk negatively impacts consumer purchase intention. 

3.4 Hypotheses Related to Moderating Variable (H10, H11, H12) 

In this study, interaction intensity refers to the perceived frequency of interactions in the 

live shopping context. This includes the speed at which streamers introduce or switch between 

products, as well as the responsiveness to viewers’ live comments and messages. Additionally, 

the interaction frequency encompasses whether customers can promptly ask questions and 

engage in discussions about the products introduced by the streamer. 

The relations between perceived functional and emotional value and purchase intention 

would be influenced by the frequency of interaction. High interactivity cultivates a sense of 
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immersion among consumers’ sense and further increases their perception of both utilitarian and 

hedonic gratification, which ultimately leads to higher shopping intention (Joo & Yang, 2023).  

As for the relation of perceived functional value and purchase intention, from the 

viewers’ perspective, products that involve frequent streamer-viewer interactions receive higher 

exposure, leaving a stronger impression on viewers. In other words, repeated interactions help 

consumers gain a deeper understanding of product-related information, reducing information 

asymmetry and enhancing their perception of product functional value. Therefore, we assume:  

H10: Interaction intensity positively moderates the relationship between perceived 

functional value and purchase intention, such that the positive effect of perceived 

functional value on purchase intention is stronger for individuals with higher interaction 

intensity than for those with lower interaction intensity. 

As for the emotional value, streamers’ interactivity also shows a significant positive 

influence on consumers’ pleasure emotions (Li et al., 2024). Wang et al. (2022) found that 

increased interactions with consumers lead to more personalized recommendations and create a 

more enjoyable shopping environment as in online stores, which is beneficial for the final 

purchase actions. Such strong connectivity and interactivity increase customers’ intentions to 

engage in further purchase processes. In this case, we suggest:  

H11: Interaction intensity positively moderates the relationship between perceived 

emotional value and purchase intention, such that the positive effect of perceived 

emotional value on purchase intention is stronger for individuals with higher interaction 

intensity. 

In Social Exchange Theory, A and B who have repeated interactions strengthen their 

exchanges by fostering perceived fairness and mutual benefit between them (Cook & Emerson, 

1978). In the era of live shopping, repeated mentions of a brand increase consumer attention and 

foster trust (Zhao, 2018). Live interactions enhance consumers’ perceived usefulness of the 

products, shorten their psychological distance from retailers, and reduce perceived risk (Xue et 

al., 2020). In summary, interactivity affects the relations between perceived risk and purchase 

intention. The frequency of online visiting, frequency of purchasing, and amount of time spent 

shopping online were associated negatively with risks (Forsythe et al., 2006). Frequent and 

meaningful demonstrations build trust, while personalized and responsive replies gradually 

reduce information asymmetry, thus lowering consumers’ perceived risk, ultimately enhancing 
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the negative relations between perceived risks and purchase intention. Therefore, viewers with 

higher interaction intensity who are more likely to hold lower perceived risk, and eventually 

would have higher intention to final purchase. This study proposes the following hypothesis: 

H12: Interaction intensity negatively moderates the relationship between perceived risk 

and purchase intention, such that the negative effect of perceived risk on purchase 

intention is weaker among individuals with higher interaction intensity. 
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4. Method 

4.1 Methodological Approach 

Based on the previously selected theoretical framework and the suggested structural 

equation model, the next step is to test whether the proposed hypotheses can be verified as 

supported or not. To begin, firsthand data is to be collected through a well-designed 

questionnaire survey. After that, the model together with hypotheses will be tested using data 

analysis tools, specifically R and SmartPLS. 

As for the questionnaire survey, a five-point Likert scale is adopted based on reliable 

literature and relevant theoretical studies. Next, the questionnaires are created using Qualtrics 

platform and distributed through online channels including social media and email to overcome 

geographic limitations, reach broader participants, and reduce workload.  

For data processing steps, the brief processes are as follows: 

1. R is used to filter out invalid responses and convert the data structure to better adapt 

SmartPLS format. 

2. Descriptive analysis is also conducted in R to gain insights into the demographic 

characteristics of the sample and to test for normality of distribution. 

3. The reliability and validity of the variables were assessed in SmartPLS, ensuring the 

credibility and accuracy of the measurement model. 

4. Perform path coefficient analysis in SmartPLS to examine the hypothesized relationships 

and the overall structural model. 

Overall, our research is based on survey distribution and the further Partial Least Squares 

Structural Equation Modeling (PLS-SEM) assessment. The model is designed to examine the 

relationships between variables, which are indirectly measured through observed indicators. Each 

variable is measured using a five-point Likert scale and related 3-5 questions to capture the target 

customer’s perceptions of live shopping. By building and testing the structural equation model, 

this study aims to determine whether the proposed hypotheses hold true or false. Meanwhile, this 

study also adopts the same SEM method to find out the variables that influence customers 

purchase intentions with focus on different levels of interaction intensity. 

4.2 Research Context 

The research context defines the scope of the study, which directly impacts the 

questionnaire design, participant selection, data accessibility, and the overall reliability. In this 
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study, the research context focuses on commonly used live shopping platforms in China. The 

platform characteristics align with the research model and key variables, making measurement 

and further analysis more feasible. 

For monetary interactions, observations over real life experiences indicate that to 

encourage purchases, limited-time coupons and giveaways are the most commonly used 

strategies on Taobao and Douyin in China (Statista, 2022). Many platforms also provide built-in 

features such as lottery draws, coupon buttons, and product direct purchase options, making it 

convenient for both streamers and viewers to use.  

For non-monetary interactions, those platforms offer various interactive features, 

including chat sections, small product pop-ups window, like or dislike buttons, and even AI 

assistant responses. Those interactive features offer a comprehensive non-monetary interaction 

experience between streamers and viewers. 

In summary, this study focuses on leading live shopping platforms in China (e.g., Taobao, 

Douyin, Rednote etc.) as research context and reach out to individuals who have previously 

engaged with live shopping on those platforms. 

4.3 Questionnaire Design 

As the key component of the empirical process, the questionnaire serves as the primary 

data source for analysis and conclusions. 

On the first page of the survey, only respondents who consent to the GDPR disclosure by 

selecting “Yes, I consent” are allowed to proceed to the following questions.  

Before the main sections, this survey also provides two control questions to ensure 

relevance. Only those who answered yes were included in the later study:  

1. Have you ever engaged in live shopping?  

2. Where are you mostly based when engaging in live shopping? (China, Others: ____) 

Following the above, this survey consists of four main sections. In each section of the 

questionnaire, participants are first asked to think back on their experiences with live shopping, 

which is referred to as “this channel” throughout the survey. Additionally, key terms such as live 

shopping, perceived functional value, perceived emotional value, and perceived risk are briefly 

explained in the headings of each section to help respondents better understand the questions.  

In detail, the first section evaluates respondents’ purchase intention. The second section 

assesses perceived functional and emotional value, as well as perceived risk. The third section 
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measures respondents’ perceptions of monetary and non-monetary interactions, as well as 

interaction intensity in the live shopping context. And the final section collects basic 

demographic and behavior information related to live shopping settings. To minimize potential 

priming effects and consistency basis, the order of the survey questions was intentionally 

rearranged. Specifically, questions measuring purchase intention were presented prior to those 

assessing perceived value, risk, and interaction-related items. This design aims to prevent 

respondents from inferring obvious cause-and-effect relationships, which could bias their 

cognitive processing and responses. 

Following established measurement scales in live shopping research, this study adopts a 

five-point Likert scale for all measurements. On the one hand, considering how respondents 

process information and reduce the overwhelming situation, this survey adopts a five-point scale 

instead of seven or nine-point scales. On the other hand, multiple existing surveys using five-

point Likert scale are proven to be effective in live shopping contexts (Cai et al., 2018; Chen et 

al. 2022; Fu & Hsu, 2023). To be more detailed, the scale designed in the survey ranges from 1 to 

5, with responses categorized as: “Strongly Disagree”, “Disagree”, “Neutral”, “Agree”, and 

“Strongly Agree”. The detailed measurement scale is presented in Appendix 3.  

To ensure Chinese respondents could fully understand the research context and survey 

questions, the questionnaire was translated into Mandarin Chinese before distributing to Chinese 

respondents. The translation was conducted by the two authors of this thesis and verified by an 

independent third party to minimize potential errors and bias. 

4.4 Data Collection 

The survey collection aimed to target the right viewers, design distribution channels, and 

gather responses. This study used an online questionnaire distributed via social media platforms 

and emails, allowing access to e-commerce live shopping viewers as well as different age groups. 

For the Chinese sample, the questionnaire was distributed through social media platforms 

(e.g., Douban Forum, Rednote, Weibo) and personal networks. Moreover, the survey was 

distributed using convenience sampling due to the limited demographic groups collected with no 

money incentives, and the data collection period running from March 18th to April 20th, 2025. 

After these two screening steps, a total of 319 responses were collected. Based on data 

preparation performed in R, responses with duplicate IP addresses, incomplete answers, and 

patterns with no variation across all measurement items within one variable were removed. As a 
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result, 256 valid questionnaires were retained, yielding a valid response rate of 80.3%. All the 

valid responses from Chinese participants will be included in the later empirical analysis and be 

processed with the SEM model.  
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5. Empirical Data 

5.1 Demographics Results 

Descriptive statistics provide an overview of the overall distribution of the collected 

survey data. In this study, R was used to analyze the demographic characteristics of the sample 

through its descriptive statistical analysis function. 

Table 5-1 presents the descriptive statistics of the respondents’ demographic and live 

shopping behavioral characteristics. Among the valid samples, female participants made up the 

majority, accounting for 78.9% (n = 202), and male respondents comprised 19.5% (n = 50). A 

small number (1.6%, n = 4) preferred not to disclose their gender. In terms of age distribution, 

most respondents were aged 18–30 years (85.2%, n = 218), followed by 31–50 years (13.3%, n = 

34). A few respondents were under 18 or over 50 years old, each group representing 0.8% (n = 

2). Regarding educational background, a majority held a bachelor’s degree (78.8%, n = 201), 

followed by those with a master’s degree (10.6%, n = 27), associate degree (6.6%, n = 17), and a 

small number with high school education or below (2.3%, n = 6). Respondents with a doctoral 

degree accounted for 2.0% (n = 5). For live shopping experience, 46.5% (n = 119) had 3–5 years 

of experience, and 44.1% (n = 113) had less than 3 years. A smaller portion reported 5–7 years 

(7.0%, n = 18) or more than 7 years (2.3%, n = 6) of experience. In terms of interaction intensity, 

more than half of the participants (55.5%, n = 142) engaged in live shopping once a week or less, 

while 41.0% (n = 105) reported participating 2–3 times a week, and 3.5% (n = 9) interacted 4 

times or more per week. Finally, regarding language use, 98.8% (n = 253) of respondents 

reported using Chinese, with only a few selecting other languages, specifically English (1.2%). 

These results indicate that the sample is predominantly composed of young, educated, 

female users with moderate experience in live shopping, offering a relevant base for examining 

consumer behavior in this context. 
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Table 5-1 

Demographics Results 

Variable Option Frequency Percentage (%) 
Accumulative 

Percentage (%) 

Gender 

Prefer not to say 4 1.6 1.6 

Female 202 78.9 80.5 

Male 50 19.5 100.0 

Age 

18–30 years old 218 85.2 85.2 

31–50 years old 34 13.3 98.4 

Over 50 years old 2 0.8 99.2 

Under 18 years old 2 0.8 100.0 

Educational 

Background 

Doctoral degree 5 2.0 2.0 

Associate degree 17 6.6 8.6 

Bachelor’s degree 201 78.5 87.1 

Master’s degree 27 10.5 97.7 

High school or below 6 2.3 100.0 

Live Shopping 

Experience 

3–5 years 119 46.5 46.5 

5–7 years 18 7.0 53.5 

Less than 3 years 113 44.1 97.7 

More than 7 years 6 2.3 100.0 

Interaction 

Intensity 

Once a week or less 142 55.5 55.5 

2–3 times a week 105 41.0 96.5 

4 times a week or 

more 
9 3.5 100.0 

Languages 
Chinese 253 98.8 98.8 

Others: English 3 1.2 100.0 
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6. Empirical Analysis 

The empirical analysis in this study focuses on validating the conceptual model and 

follows a standard two-step process: 

1. Measurement model analysis, which examines the reliability and validity of the survey 

data. 

2. Structural Equation Modeling (SEM), which tests whether the proposed hypotheses hold 

true or not. 

This study employs Partial Least Squares Structural Equation Modeling (PLS-SEM) 

using SmartPLS software to conduct the model analysis. SmartPLS is well-suited for exploratory 

research and model validation, especially when the sample size is at least three times the number 

of variables. And the number of valid responses in this study meets this requirement.  

Although PLS-SEM does not require strict normality of data, understanding the 

distribution of each indicator helps improve the interpretability of the model estimation results. 

Therefore, this study first examines the normality of the data using R, specifically the e1017 

package, which is the same method as SPSS. The result shows that the maximum absolute value 

of skewness was 1.79, which is below the threshold of 2. The maximum absolute value of 

kurtosis was 4.12, also below the threshold of 7. These results indicate that the data collected in 

this study are approximately normally distributed, providing a solid basis for the upcoming SEM 

analysis. Detailed results are shown in Table 6-1. 

Table 6-1 

Normality Assessment of Measurement Indicators 

Indicator minimum maximum mean 
standard 

deviation 
skewness kurtosis 

PI1 1 5 3.91 0.70 -1.79 2.53 

PI2 1 5 3.96 0.77 -1.07 -0.50 

PI3 1 5 2.89 0.92 0.14 -3.01 

PFV1 1 5 4.12 0.75 -1.05 -0.76 

PFV2 1 5 3.67 0.96 -0.60 -3.28 

PFV3 1 5 3.91 0.87 -0.69 -2.82 
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Indicator minimum maximum mean 
standard 

deviation 
skewness kurtosis 

PFV4 1 5 4.01 0.94 -0.86 -2.74 

PFV5 1 5 3.63 0.94 -0.39 -3.58 

PEV1 1 5 3.38 0.90 -0.29 -3.53 

PEV2 1 5 3.55 1.00 -0.54 -3.26 

PEV3 1 5 3.06 1.22 0.04 -4.12 

PEV4 1 5 2.61 0.92 0.32 -3.49 

PR1 2 5 4.01 0.81 -0.60 -2.96 

PR2 1 5 3.83 0.93 -0.65 -3.06 

PR3 1 5 3.68 0.90 -0.32 -3.48 

MI1 1 5 3.98 0.78 -0.92 -1.41 

MI2 1 5 4.03 0.80 -0.98 -1.49 

MI3 1 5 3.88 0.92 -0.63 -3.05 

MI4 1 5 3.73 0.83 -0.69 -2.51 

NIM1 1 5 3.87 0.68 -0.83 -1.14 

NMI2 1 5 4.01 0.81 -0.83 -2.16 

NMI3 1 5 2.98 0.99 0.19 -3.60 

NMI4 1 5 3.10 1.05 -0.18 -3.62 

II1 1 5 2.86 1.11 0.24 -3.84 

II2 1 5 3.61 1.12 -0.68 -3.32 

II3 1 5 3.62 0.89 -0.53 -3.01 

II4 1 5 3.74 0.89 -0.79 -2.29 
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6.1 Model Reliability and Validity Analysis 

6.1.1 Reliability Analysis 

The reliability analysis evaluates the degree of accuracy, consistency, and stability in 

measurement results. Common measurements used include Average Variance Extracted (AVE), 

and Composite Reliability (CR), which can be further referred to rho_c and rho_a. A 

measurement is considered to have acceptable reliability when AVE > 0.50, rho_a > 0.70, 

rho_c > 0.70 and Cronbach’s α > 0.70 (Hair, 2017).  

During the model testing process, several measurement indicators with low factor 

loadings or poor reliability performance were removed. This adjustment was made to improve 

the overall model fit, measurement quality, and ensure adequate reliability and validity of the 

constructs. Specifically, indicators PFV2, PEV4 and PR1 were excluded due to cross loadings 

below the 0.60 threshold, which may compromise the reliability and validity of the 

corresponding construct. 

The results of the reliability tests for all constructs in this study without the three 

indicators (PFV2, PEV4 and PR1) are shown in Table 6-2. Based on the data in the table, all 

constructs have AVE > 0.50, rho_c > 0.70, rho_a > 0.70, and Cronbach’s α > 0.70, indicating 

that the measurement scales in this study demonstrate a high level of reliability. 

Table 6-2 

Reliability Analysis 

Latent variable AVE rho_c rho_a Cronbach’s α 

monetary interaction 0.720 0.911 0.878 0.870 

nonmonetary interaction 0.639 0.876 0.816 0.810 

perceived emotional value 0.752 0.901 0.837 0.835 

perceived functional value 0.624 0.833 0.707 0.700 

perceived risk 0.647 0.846 0.731 0.729 

purchase intention 0.733 0.892 0.822 0.817 

 

6.1.2 Validity Analysis 

Validity refers to the extent to which the data collected through measurement tools and 

procedures can be generalized to represent the underlying constructs. The common methods used 
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to assess validity are: First, the Fornell-Larcker criterion, where the square root of AVE for each 

latent variable should be greater than its correlations with other variables. Second, the cross-

loadings, where an indicator’s loading on its assigned latent variable should be higher than its 

loadings on all other variables. The results of validity testing in this study are shown in Table 6-3 

and Table 6-4. 

By examining the first matrix, it shows that the square root of AVE for each latent 

variable is greater than its correlations with other variables. This indicates that the data in this 

study demonstrate good discriminant validity. Meanwhile, the cross-loadings table shows that 

each indicator’s loading on its corresponding latent variable is higher than its loadings on other 

variables, suggesting that the model has achieved satisfactory convergent validity. 

Table 6-3 

Fornell-Larcker Criterion 

 
monetary 

interaction 

nonmoneta

ry 

interaction 

perceived 

emotional 

value 

perceived 

functional 

value 

perceived 

risk 

purchase 

intention 

monetary 

interaction 
0.848      

nonmonetary 

interaction 
0.383 0.799     

perceived 

emotional 

value 

0.369 0.772 0.867    

perceived 

functional 

value 

0.601 0.289 0.245 0.790   

perceived risk 0.223 0.430 0.332 0.330 0.805  

purchase 

intention 
0.526 0.453 0.439 0.645 0.399 0.856 
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Table 6-4 

Cross-loadings 

  
monetary 

interaction 

nonmonetar

y interaction 

perceived 

emotional 

value 

perceived 

functional 

value 

perceived 

risk 

purchase 

intention 

MI1 0.873 0.351 0.351 0.570 0.211 0.505 

MI2 0.883 0.316 0.292 0.542 0.201 0.492 

MI3 0.844 0.304 0.300 0.470 0.170 0.393 

MI4 0.792 0.326 0.308 0.444 0.168 0.380 

NMI1 0.345 0.774 0.626 0.242 0.316 0.352 

NMI2 0.259 0.721 0.499 0.260 0.344 0.359 

NMI3 0.281 0.863 0.683 0.182 0.346 0.329 

NMI4 0.336 0.831 0.647 0.249 0.369 0.408 

PEV1 0.349 0.700 0.872 0.193 0.330 0.358 

PEV2 0.361 0.647 0.873 0.267 0.259 0.458 

PEV3 0.244 0.662 0.856 0.176 0.275 0.321 

PFV1 0.464 0.239 0.173 0.784 0.275 0.520 

PFV3 0.387 0.236 0.157 0.764 0.268 0.474 

PFV4 0.558 0.215 0.244 0.821 0.243 0.532 

PR2 0.205 0.310 0.212 0.300 0.807 0.331 

PR3 0.150 0.293 0.204 0.254 0.807 0.321 

PR4 0.180 0.421 0.369 0.245 0.800 0.313 

PI1 0.483 0.379 0.337 0.628 0.369 0.900 

PI2 0.422 0.356 0.332 0.540 0.266 0.865 

PI3 0.443 0.427 0.462 0.481 0.385 0.802 
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6.2 Structural Equation Model Analysis 

The results of the measurement model indicate that the data in this study demonstrate 

good reliability and validity, making it appropriate to proceed with structural model analysis. The 

analysis is conducted using SmartPLS, which estimates path coefficients between constructs and 

tests their significance using t-statistics and explained variance (R²). The results of the model 

without the moderating variable are shown in Table 6-5, while the results after including the 

moderating variable are presented in Table 7-6.  

In the table, *** indicates significance at the 0.01 confidence level, ** indicates 

significance at the 0.05 confidence level, * indicates significance at the 0.10 confidence level 

(marginally significant), and NS indicates not significant. 

In the SEM results (without moderating variable), the path from monetary interaction to 

perceived emotional value, and perceived risk to purchase intention was marginally significant (β 

= 0.086, T = 1.642, P = 0.100; β = 0.136, T = 1.699, P = 0.089), indicating a potential weak 

positive effect. While this does not meet the conventional 0.05 significance level, it suggests 

possible trends that need further investigation in later discussions. The same interpretation 

applies to the model with the moderating variable, where similarly marginal results indicate 

potential effects may be worthwhile to investigate further. 

Table 6-5 

SEM Results (without moderating variable) 

Path 

Path 

Coeffici

ent (β) 

Standard 

deviation 

(STDEV) 

T 

statisti

cs 

P 

value 

Signifi

cance 

level 

R² 
Adjust

ed R² 

monetary interaction → 

perceived emotional value 
0.086 0.053 1.640 0.100 * 

0.603 0.600 
nonmonetary interaction → 

perceived emotional value 
0.739 0.046 15.972 0.000 *** 

monetary interaction → 

perceived functional value 
0.574 0.070 8.241 0.000 *** 

0.365 0.360 
nonmonetary interaction 

→ perceived functional 

value 

0.070 0.065 1.076 0.282 NS 
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Path 

Path 

Coeffici

ent (β) 

Standard 

deviation 

(STDEV) 

T 

statisti

cs 

P 

value 

Signifi

cance 

level 

R² 
Adjust

ed R² 

monetary interaction → 

perceived risk 
0.068 0.094 0.727 0.467 NS 

0.189 0.182 
nonmonetary interaction → 

perceived risk 
0.404 0.074 5.432 0.000 *** 

perceived emotional value 

→ 

purchase intention 

0.263 0.051 5.185 0.000 *** 

0.515 0.509 
perceived functional value 

→ 

purchase intention 

0.535 0.080 6.672 0.000 *** 

perceived risk → purchase 

intention 
0.136 0.080 1.699 0.089 * 

 

Table 6-6 

SEM Results (with moderating variable) 

 
Path 

Path 
Coeffici
ent (β) 

Standard 
deviation 
(STDEV) 

T 
statist

ics 

P 
value 

Signifi
cance 
level 

R² 
Adjus
ted R² 

 monetary interaction → 
perceived emotional value 

0.086 0.053 1.640 0.100 * 

0.603 0.600 
 nonmonetary interaction → 

perceived emotional value 
0.739 0.046 

15.97
2 

0.000 *** 

 monetary interaction → 
perceived functional value 

0.574 0.070 8.242 0.000 *** 

0.365 0.360 
 nonmonetary interaction 

→ perceived functional 
value 

0.070 0.065 1.076 0.282 NS 

 monetary interaction → 
perceived risk 

0.068 0.094 0.727 0.467 NS 

0.189 0.182 
 nonmonetary interaction → 

perceived risk 
0.404 0.074 5.434 0.000 *** 
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Path 
Path 

Coeffici
ent (β) 

Standard 
deviation 
(STDEV) 

T 
statist

ics 

P 
value 

Signifi
cance 
level 

R² 
Adjus
ted R² 

 perceived emotional value 
→ 
purchase intention 

0.172 0.056 3.063 0.002 *** 

0.546 0.533 

 perceived functional value 
→ 
purchase intention 

0.528 0.078 6.783 0.000 *** 

 perceived risk → purchase 
intention 

0.095 0.066 1.445 0.148 NS 

 interaction intensity → 
purchase intention 

0.167 0.073 2.305 0.021 ** 

 interaction intensity × 
perceived emotional value 
→ purchase intention 

-0.022 0.053 0.413 0.680 NS 

 interaction intensity × 
perceived functional value 
→ purchase intention 

0.120 0.077 1.556 0.120 NS 

 interaction intensity × 
perceived risk → 
purchase intention 

-0.057 0.074 0.771 0.441 NS 

 

6.2.1 SEM Analysis Result 

Based on the previous analysis, the supporting status for each hypothesis is shown in 

Table 6-7 and Figure 6-1. 

Table 6-7 

Hypothesis Support Overview 

Hypothesis 

No. 
Hypothesis Statement 

Support 

status 

H1 Monetary interactions positively impact perceived functional value Supported 

H2 Monetary interactions positively impact perceived emotional value Supported 

H3 Monetary interactions negatively impact perceived risk 
Not 

supported 

H4 
Non-monetary interactions positively impact perceived functional 

value 

Not 

supported 
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Hypothesis 

No. 
Hypothesis Statement 

Support 

status 

H5 
Non-monetary interactions positively impact perceived emotional 

value 
Supported 

H6 Non-monetary interactions negatively impact perceived risk Supported 

H7 
Perceived functional value positively impacts consumer purchase 

intention 
Supported 

H8 
Perceived emotional value positively impacts consumer purchase 

intention 
Supported 

H9 Perceived risk negatively impacts consumer purchase intention 
Not 

supported 

H10 

Interaction intensity positively moderates the relationship between 

perceived functional value and purchase intention, such that the 

positive effect of perceived functional value on purchase intention is 

stronger for individuals with higher interaction intensity than for 

those with lower interaction intensity 

Not 

supported 

H11 

Interaction intensity positively moderates the relationship between 

perceived emotional value and purchase intention, such that the 

positive effect of perceived emotional value on purchase intention is 

stronger for individuals with higher interaction intensity 

Not 

supported 

H12 

Interaction intensity negatively moderates the relationship between 

perceived risk and purchase intention, such that the negative effect 

of perceived risk on purchase intention is weaker among individuals 

with higher interaction intensity 

Not 

supported 
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Figure 6-1 

Hypothesis Support Overview 
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7. Discussion on SEM Result 

This study investigates the mechanisms underlying both monetary interactions and non-

monetary interactions and their influence on Chinese consumers’ purchase intentions in live 

streaming context. Specifically, the suggested conceptual model examines the mediating effects 

of perceived functional value, perceived emotional value, and perceived risk, as well as the 

moderating role of the interaction intensity during the live shopping. As a result, the SEM 

analysis partially supports the proposed hypotheses in the research model. These empirical 

findings shed light on the dynamic pathways activated by different types of interaction and 

provide nuanced insights into the live shopping research field. 

The findings reveal that monetary interactions significantly influence perceived 

functional value. This suggests that promotions, discounts, free gifts and other price-based 

incentives enhanced consumers’ evaluation of the practical benefits of live shopping. Although 

the positive path between monetary interaction and emotional value is only marginally 

significant, the coefficient value (β = 0.086) indicates that financial incentives can also contribute 

to emotional arousal. Such emotions may include feelings of excitement or urgency, particularly 

when consumers engage with time-limited bonus campaigns, quantity-limited deals, or chance-

based activities like lucky draws. However, the relatively weak coefficient and borderline 

significance (P value = 0.100) suggest that monetary interactions are not the primary drivers of 

emotional engagement in this context. 

Surprisingly, non-monetary interactions do not significantly influence the perceived 

functional value. A previous study has indicated that viewers may discount or reject marketer-

driven opinions from the streamer, even when they have positive interactions during the live 

streaming, as the streamer is primarily perceived as product spokesperson in live shopping 

contexts (Fu & Hsu, 2023). Thus, while consumers may appreciate product demonstrations and 

interpersonal communication, these interactive elements alone do not necessarily enhance their 

perception of product utility or practical benefit. However, a strong relationship is found between 

non-monetary interactions and perceived emotional value. Non-transactional interactions, such as 

presenting detailed product information, sharing personal shopping experiences, and narrating 

brand stories, play a crucial role in fostering emotional bonds between streamers and viewers 

during live streaming. As noted by Xu et al. (2020), viewers enjoy the hedonic and entertaining 

experience through engaging streamers and pleasant parasocial interaction with them, which 
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evoke a strong sense of exhilaration and motivate further actions. Moreover, the high coefficient 

(β = 0.739) also indicates that non-monetary interactions are far more effective than monetary 

offers in building emotional resonance, which may influence consumer loyalty and satisfaction. 

When it comes to perceived risk, the findings show that monetary interactions do not 

significantly reduce perceived risk, whereas non-monetary interactions have a significant 

negative impact on perceived risk. Through real-time demonstrations and Q&A sessions, 

streamers appear to build consumer trust and confidence and lower the uncertainty of this 

shopping journey. In contrast, financial incentives alone may not be sufficient to alleviate 

consumer concerns related to potential risks, such as product quality, authenticity or transaction 

security. This may be attributed to the increasing number of reported incidents involving 

counterfeit or substandard products in live-streaming commerce over recent years. Guo et al. 

(2021) noted that consumers may associate low prices and deep discounts with negative 

perceptions like low quality and unsellable products, thereby increasing their perceived 

uncertainty in live shopping. Unusual price reduction and excessive free gifts may serve as 

warning signs for viewers, raising doubts about product reliability, shipping logistics, data 

privacy, and post-purchase service. These perceptions reflect a growing concern that aggressive 

monetary promotions may be used to mask poor product performance, which ultimately 

undermines consumer trust in the live shopping experience. 

Furthermore, the positive effects of perceived functional and emotional value on viewers’ 

purchase intentions are verified. Notably, perceived functional value (β = 0.535 without 

moderation; β = 0.528 with moderation) exerts a stronger influence than perceived emotional 

value (β = 0.263 without moderation; β = 0.172 with moderation) on purchase intention. The 

potential reason can be that Chinese consumers show high price sensitivity in e-commerce and 

live shopping activities. According to Gao et al. (2023), 31% of customers compare prices for all 

products, and 30% compare prices when buying specific items like electronics or clothing. 

Additionally, 32% actively search for discount coupons (Gao et al., 2023). Meanwhile, top 

streamers often leverage their large audiences to negotiate significant discounts from brands, thus 

further lowering prices (iResearch, 2024). As a result, consumers’ purchase intentions are more 

strongly driven by price and functional value as it is one of the most significant advantages of 

shopping online. 
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However, it is surprising that perceived risk also shows a positive impact on viewers’ 

purchase intentions, which contradicts our initial hypothesis and common sense. Previous studies 

provide some possible explanations for this unexpected result. Zhao and Zhang (2015) found that 

perceived risk does not significantly affect consumers’ behavioral intentions toward online 

storage services, suggesting that the superiority of internet products and users’ strong dependence 

may offset the negative effects of risk perception. Similarly, a survey shows that users’ perceived 

risk toward food delivery apps does not significantly influence their willingness to use these 

services, implying that risk perception might not be a decisive factor in online delivery services 

(Zhang, 2016). Building on these findings, the nature of live shopping may further explain the 

result. First, moderate perceived risk can stimulate consumers’ exploratory motivation and 

curiosity, especially in non-rational, entertainment-driven, or emotional shopping contexts. In 

live shopping, flash sales and mystery bundles can create such excitement and urgency. For 

example, Li Jiaqi (a famous professional live shopping streamer) often uses time-limited offers 

with a lower price and limited quality information. Despite recognizing the risks, consumers are 

driven by curiosity and fear of missing out to actively make purchases. Second, it is possible that 

a more complex mechanism underlies the relationship between perceived risk and purchase 

intention. Some empirical studies in online shopping contexts have found no significant 

correlation between the two, suggesting that mediating or moderating factors might exist but 

were not captured. Finally, limitations in questionnaire design could have contributed to this 

unexpected finding. Most survey questions measured respondents’ feelings positively, while 

perceived risk was measured negatively. This inconsistency might have led to response bias, as 

participants could have answered based on inertia from previous questions. 

The SEM research findings of the current investigation also do not support the significant 

moderating effect of interaction intensity. The main potential reason is that interaction intensity 

itself is already highly correlated with purchase intention. In this survey, the positive direct 

relationship between interaction intensity and purchase intention is confirmed (β = 0.167, which 

is positive), suggesting that these two factors are more directly linked rather than through a 

moderating effect. Meanwhile, live streaming is already a high-interactive context, and viewer’s 

perceived functional and emotional value has reached to a certain high level due to clear product 

demonstrations and emotionally engaging atmospheres. Under such conditions, even greater 

interaction intensity may not significantly enhance perceived value, leading to a ceiling effect. A 
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similar explanation applies also to perceived risk. Moreover, since the direct negative 

relationship between perceived risk and purchase intention was not supported, the moderating 

effect of interaction intensity on this relationship is unlikely to be reliable. 
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8. Minor Study on EU Context 

8.1 Research Context 

As stated in our research objective, we also aimed to gather insights from EU consumers 

and compare their perspectives with Chinese shoppers. In this case, we conduct a minor study to 

enable the comparisons on live shopping interactions and consumer behavior between China and 

EU. 

Similar to the Chinese research context, the EU survey focuses on the most commonly 

used live shopping platforms in Europe. These platforms align with the proposed research model 

and encompass all relevant variables. As with the leading platforms in China, features related to 

both monetary and non-monetary interactions (e.g., gifts, discounts, comment sections, and live 

chats) are also present in European live shopping settings, particularly on official retailer 

websites and social media platforms such as Instagram, Facebook, and TikTok (Statista, 2022). 

In summary, the minor study is grounded in the context of live shopping in Europe, 

specifically targeting users who have engaged with live shopping through these widely used 

digital platforms. 

8.2 Questionnaire Design 

The questionnaire used in the EU minor study is identical to the previous one adopted for 

the Chinese study. It begins with a GDPR consent page, followed by two pre-selection questions, 

and then the main survey sections. These sections include items designed to measure 

respondents’ purchase intention, perceived functional and emotional value, perceived risk, 

monetary and non-monetary interactions, and interaction intensity within the live shopping 

context. In the end of the questionnaire, the demographical characteristics and live shopping 

behaviors of respondents are collected (see in Appendix 3). Moreover, all variables measured 

were clearly defined before each section to ensure respondent understanding.  

8.3 Discussion 

For the European sample, distribution was conducted via school email contact lists and 

personal networks during March 18th to April 20th, 2025. The data is processed using 

convenient sampling. As a result, we only received a limited number of valid responses. In total, 

45 responses were collected, of which 20 participants had engaged in live shopping from Sweden 

and other parts of Europe. The European dataset is treated as a supplementary minor study and 

was not included in the Structural Equation Model analysis due to an insufficient number of 
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responses for effective and reliable modeling. Instead, it is briefly introduced and discussed 

descriptively, highlighting several interesting features as follows. 

The minor study adopts a descriptive approach based on the findings from the European 

survey. Overall, European customers have much less exposure to live shopping content. Only 

42.2% of total respondents had such experience compared to 90.9% of that in China. One 

obvious explanation is that e-commerce and live shopping emerged significantly earlier in China 

compared to the rest of the world, especially after COVID-19 impact (Achille et al., 2020). 

Additionally, from a customer behavior perspective, Chinese customers are now multi-channel 

shoppers, using both live shopping and other e-commerce platforms for product search and 

purchase (Becdach et al., 2023). In contrast, 43% of European consumers reported a preference 

for receiving information in person rather than online in 2024 (European Insurance and 

Occupational Pensions Authority [EIOPA], 2024).  

Regarding purchase intention, 63.6% of respondents showed strong intention to 

participate in live shopping in the future, based on those who selected “strongly agree” or 

“agree” in the purchase intention measurement items. However, the third question with the 

strongest purchase action intention, which is “I will consider live streaming shopping as my first 

shopping choice”, has received more mixed responses. Only 45.5% of respondents held positive 

purchase intentions compared with 81.8% and 63.6% for the first two questions. This suggests 

that while customers in Europe are open to live shopping, they may not yet view it as their 

primary purchasing channel. Meanwhile, 76.1% and 72.9% of Chinese respondents have strong 

purchase intentions in the first two questions correspondingly, showing that both Chinese and 

European customers are willing to actively engage in live shopping with strong purchase 

intention. However, it is surprising that for the third question, only 20.2% of Chinese respondents 

have chosen live shopping as their primary shopping channel, and a significant number of them 

(40.2%) are neutral on it. The reason can be that as the e-commerce industry is popular and 

mature in China, there are more and more people browsing in live rooms and completing 

purchases later via other e-commerce platforms such as JD.com or Taobao (Becdach et al., 

2023), resulting in actual purchases being less than expected via live streaming channel 

compared with European sample. 

In the Nordic countries, despite live shopping being predicted to grow strongly, this trend 

has not appeared in Norway and Finland yet, which lag behind the rising growth seen in Asia and 



44 

 

 

the U.S. (Ecommerce Europe, 2023). It is true that the penetration rate of live shopping among 

European respondents was less than half of that observed in the Chinese sample (42.2% vs. 

90.9%), indicating a significant gap in exposure and adoption. However, the proportion of 

respondents with strong purchase intentions is comparable and even slightly higher that of 

Chinese customers (63.6% vs. 63.0%). Considering the slow development in the EU and huge 

gap in penetration rate between the two regions, this gap is much lower than expected but can be 

explained by the higher educational background respondents included in this survey. Wang and 

Oh (2023) have found that high-educated groups with stronger IT education backgrounds will 

shop online more frequently. Additionally, they intend to be more likely to buy something again 

when they find something entertaining, pleasurable or funny. In this minor study, the majority of 

European respondents were between the ages of 18 and 30, comprising approximately 70% of the 

sample. Over 80% of respondents held a bachelor’s or master’s degree. It is suggested that 

younger and well-educated individuals may exhibit relatively higher purchase intentions in live 

shopping environments. Meanwhile, a similar pattern is identified in the Chinese sample, where 

respondents with a bachelor’s (87.6%) and master’s degree (75.7%) demonstrated higher positive 

purchase intentions compared to those with lower educational backgrounds. This cross-cultural 

similarity suggests that education level may play a more decisive role than nationality in shaping 

consumers’ engagement with live shopping. 

We seek to analyze the discrepancies between the European and Chinese samples from 

the perspective of cultural difference. Previous researchers have expressed differing views on 

how cultural differences influence customer engagement and value perceptions in live shopping. 

Andersson and Pitz (2021) argue that European consumers mainly engage in live shopping 

interactions for product-related purposes, in contrast to Asian consumers who value hedonic and 

social aspects. However, a survey by Becdach et al. (2023) found that live shoppers in the U.S. 

and Europe engage in the experience for entertainment, whereas Chinese consumers are 

primarily driven by functional reasons. Our findings reveal that 73.6% of the Chinese 

respondents strongly agreed or agreed that they perceived functional value when engaging in the 

live shopping interactions, compared to 42.5% who perceived emotional value. In contrast, 

61.8% of European participants reported perceiving functional value, while 68.18% recognized 

the perceived emotional value. These results suggest that Chinese consumers may tend to 

experience more functional value as they engage and consume in live shopping, mainly because 
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Chinese consumers focus on the price quality of the products. Meanwhile, European consumers 

show a slight tendency with emotional value perceptions during the experience.  

We believe that individuals from different cultural backgrounds place varying emphasis 

on emotional, functional values and possible risks in their decision-making. For instance, Ma 

(2021) mentioned that culture may influence live shopping intentions, suggesting that consumers 

from collectivistic cultures are less likely to purchase from live streaming platforms when 

seeking the utilitarian value of products to avoid uncertainties. Moreover, consumers in 

collectivist cultures tend to be less satisfied with sales promotion offers compared to those in 

short-term-oriented individualistic cultures (McNeill et al., 2014). Different cultural backgrounds 

also affect the levels of trust in e-commerce, which plays a critical role in frosting a favorable 

online shopping environment and thus reducing risk perception (Ma et al., 2022). However, our 

minor study on the European context may not be sufficient to fully explain the effects of cultural 

differences due to the small sample size. The moderating role of cultural differences remains 

incompletely understood and requires further study with broader and more representative 

samples. 
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9. Research Conclusion 

9.1 Theoretical Contribution 

This study makes several theoretical contributions to the current literature on consumer 

purchase intentions in live shopping contexts.  

First, the research integrates two well-established theoretical frameworks: Uses and 

Gratifications Theory and Social Exchange Theory, offering a multidimensional perspective on 

consumer behavior. The combination of these two theories provides a relevant and coherent 

foundation for investigating the dynamics between consumer interactions and purchase 

intentions. Uses and Gratifications Theory, frequently applied to understand users’ motivations in 

media engagement and consumption, helps explain how both monetary and non-monetary 

interactions shape consumers’ perceptions of functional value and emotional value during live 

streaming. At the same time, Social Exchange Theory provides a lens for exploring how 

consumers weigh the benefits and risks of these interactions and generate shopping intentions. 

While UGT emphasizes psychological needs and user-driven gratifications, SET brings a 

sociological dimension to the framework by highlighting the interaction between viewers and 

streamers while focusing on the cost-benefit analysis of perceived value and risks in consumer-

streamer exchanges.  

By linking these two perspectives, the proposed conceptual model goes beyond individual 

gratifications derived from live shopping interactions and further examines how these 

interactions influence their evaluations and behavioral intentions. This approach is particularly 

relevant given that interacting with others is a key reason why people engage in live shopping 

(Cai et al., 2018).  

Second, this study extends the classification of independent variables and introduces a 

new moderating variable. Previous research in this field has categorized consumer interaction in 

various ways. For example, by interaction target (e.g., with the streamer, with other viewers, or 

with the platform), by perceived characteristics (e.g., perceived usefulness, entertainment, or ease 

of use), or by content type (e.g., product-related vs. context-related interactions). Building upon 

previous literature foundation, this study introduces a new model by examining monetary-related 

interactions and non-monetary interactions between viewers and streamers. This approach 
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provides a different understanding of consumer behavior in live shopping environments and 

offers an alternative method of categorizing interactive behaviors in live shopping studies.  

In terms of moderating variables, this study contributes by introducing interaction 

intensity as a new factor. This idea was inspired by real-world observations and has rarely been 

addressed in previous research. Although the results show that interaction intensity is not a 

significant moderator, this finding is still meaningful by reducing unnecessary efforts in future 

studies. Also, it suggests that exploring interaction intensity as a direct factor influencing 

purchase intention could be a valuable direction for future research. 

9.2 Practical Implications 

9.2.1 Suggestions to Retailers 

This study highlights the importance of both functional and emotional value in 

influencing purchase intentions. Among them, perceived functional value shows the most 

significant positive effect, indicating that retailers should prioritize strategies that enhance the 

viewer’s perception of product utility, quality and cost-efficiency. To achieve this, retailers are 

encouraged to strengthen monetary interaction mechanisms, such as featuring more vendors, 

offering competitive prices, or providing exclusive discounts and bundled deals. 

At the same time, the role of emotional value should not be overlooked. Although its 

impact is slightly weaker, it still exerts a positive influence on purchase intention. Retailers can 

increase emotional value by creating a more engaging and interactive live streaming 

environment, and then responding promptly to viewers’ questions, and maintaining friendly and 

authentic communications. Moreover, it is interesting that monetary interactions also have a 

minor positive influence on emotional value, suggesting that initiatives like giveaways or special 

offers can contribute not only to functional perceptions but also to overall enjoyment and 

emotional engagement perceptions.  

Therefore, it is essential for retailers to leverage both monetary and non-monetary 

interactions, finding the right balance to optimize cost-efficiency and maximize consumer 

experience. However, the chosen interaction strategy should align with the retailer’s broader 

business goals rather than simply aiming to increase the purchase intention. For example, if the 

overall business goal of live shopping is brand building rather than immediate conversion, 

placing more emphasis on emotional value and increasing viewer engagement may be more 
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effective. In this case, the live shopping experience serves as a touchpoint for deepening 

customer relationships and enhancing brand perception. 

For European retailers and streamers, it is essential to consider also the evolving nature of 

live shopping and its role in the broader digital marketing landscape. Prior research suggests that 

online marketing strategies effective in China may not transfer well to Western countries, due to 

challenges like limited logistics infrastructure and underdeveloped online payment systems 

(Gong et al., 2013). Moreover, with the market maturing, consumers may shift from using it 

solely for purchases to using it for product discovery and entertainment as seen in the Chinese 

market. Therefore, the European retailers and streamers should think ahead on how to reshape 

the strategic role of live shopping and consider repositioning it as part of a broader customer 

engagement journey in the long future. 

9.2.2 Suggestions to Live Shopping Customers 

From the consumers’ standpoint, this thesis also offers valuable insights for engaging in 

live shopping more effectively and making more rational and informed shopping decisions. 

Live shopping provides an efficient and convenient channel for consumers to 

communicate directly with retailers, gaining access to more detailed product information and 

bespoke usage instructions. Beyond these benefits, live shopping also delivers unique emotional 

value and greater financial savings compared to traditional retail formats. Effectively leveraging 

this trending shopping mode can enable consumers to purchase products in a way that is 

effective, economical, and entertaining. 

However, it is important to recognize that there is a vast body of research on consumer 

behavior and psychological patterns. These theories have been widely applied by live shopping 

retailers as part of their marketing strategies to influence consumers’ purchase decisions. Tactics, 

such as time-limited offers to create a sense of urgency and scarcity, and review incentives to 

generate positive social proof, are commonly seen in live shopping. In the festive and welcoming 

atmosphere created by streamers, consumers may be more prone to impulse buying and overlook 

potential risks associated with their purchases. 

Therefore, we suggest consumers remain vigilant and think carefully before making 

purchasing decisions during the live streams. Comparing product quality and prices across 

different channels, maintaining a critical perspective on promotional tactics, and balancing 
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emotional impulses with rational evaluation are essential steps to ensure more satisfying and 

secure shopping experiences. 

9.3 Limitations and Future Research 

In the context of live shopping, this study has developed a theoretical model, conducted 

questionnaire distribution, performed data analysis, and examined the underlying mechanisms 

influencing viewer’s purchase intention. While the findings offer useful insights as discussed 

before, several limitations remain due to constraints in data collection and the evolving nature of 

relevant theories. 

First, the use of convenience sampling resulted in an unbalanced demographic 

distribution, particularly with an underrepresentation of male respondents and limited variation 

across age and education groups. This may affect the generalizability of the findings to a broader 

population. In future research, it would be valuable to broaden the respondent pool and apply 

diverse sampling methods to ensure that the demographic composition more accurately reflects 

the population structure of the target countries or regions. Second, the European sample size was 

relatively small for conducting robust structural equation modeling (SEM), which limited the 

ability to perform a more comparable cross-cultural analysis. Future research could address this 

limitation by increasing the number of responses through monetary incentives and by 

incorporating qualitative interviews to gain deeper insights into potential differences in 

underlying mechanisms across regions.  

Furthermore, the current measurement of perceived risk may not fully capture the 

multidimensional nature of consumer concerns in live shopping contexts, highlighting the future 

needs for a more reliable and effective measurement items list. Finally, while interaction 

intensity was examined as a moderating variable in this study, future work may consider 

exploring its role as an independent or mediating variable, to better understand its influence on 

the purchase intention. 
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Appendix 

Appendix 1: Disclosure of AI Use 

During the preparation of this work, the authors used ChatGPT (OpenAI) to improve 

readability and language of this thesis, enhance coherence and structure of the content, and assist 

with the data processing. Specifically, AI-generated explanations were utilized to better 

understand the differences between reliability and validity indicators, such as Cronbach’s alpha, 

rho_A, rho_C, and AVE, as well as the rationale for their use. Additionally, out of personal 

academic interest, we used AI tools to explore the advantages and limitations of SmartPLS, two-

way ANOVA, and regression methods under different research scenarios, ultimately selecting 

SmartPLS for this study. No AI tools were used during data collection. 

 The authors recognize that the use of AI may come with the following risks. First, AI-

generated content may misinterpret the context or background information. Second, generative 

AI often relies on standardized phrasing, which may change the writing style of the authors. 

However, to mitigate these risks, the authors carefully reviewed and edited the content as 

needed and took full responsibility for the content of the thesis. Our insights from using AI tools 

in the thesis writing is that while AI tool is useful and time-efficient for data processing and 

helpful for language refinement, especially for non-native English speakers, it also has the risks 

of introducing factual inaccuracies and overreliance on AI-generated suggestions. Therefore, it is 

highly important for researchers to cross-check the content and maintain human oversight 

throughout the research and writing process to ensure accuracy and originality. 

Appendix 2: Survey Consent Information 

Standard information and consent to participation student’s survey  

The student’s project. As an integral part of the educational program at the Stockholm 

School of Economics, enrolled students complete an individual thesis. This work is sometimes 

based upon surveys and interviews connected to the subject. Participation is naturally entirely 

voluntary, and this text is intended to provide you with necessary information about that may 

concern your participation in the study or interview. You can at any time withdraw your consent 

and your data will thereafter be permanently erased. 

Confidentiality. Anything you say or state in the survey or to the interviewers will be held 

strictly confidential and will only be made available to supervisors, tutors and the course 

management team. 
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Secured storage of data. All data will be stored and processed safely by the SSE and will 

be permanently deleted when the project is completed. 

No personal data will be published. The thesis written by the students will not contain any 

information that may identify you as a participant to the survey or interview subject. 

Your rights under GDPR. You are welcome to visit https://www.hhs.se/en/about-

us/contact/data-protection/ in order to read more and obtain information on your rights related to 

personal data. 

By selecting “I agree to participate in this survey”, you confirm that you have read the 

above information and agree to take part in the survey. 

Appendix 3: Measurement Items and Sources 

Variable Code Measurement items Source 

Purchase 
Intention 

PI1 
Given the chance, I intend to use this channel to 
purchase while watching live shopping. 

Sun et al. 
(2019), 
Pavlou (2003) 

PI2 
Given the chance, I predict that I should use this 
channel to purchase in the future. 

PI3 
I will consider live shopping as my first shopping 
choice. 

Perceived 
Functional 
Value 

PFV1 
I interact during live shopping as it can help me buy 
better items in price or quality. 

Park et al. 
(2012), Fu 
and Hsu 
(2023) 

PFV2 
I interact during live shopping as it can help me gather 
information about products. 

PFV3 
I interact during live shopping as it can help me 
compare shops. 

PFV4 
I interact during live shopping as it can help me get 
additional value (e.g. gifts or coupons) as much as 
possible. 

PFV5 I interact during live shopping as I find it efficient. 

Perceived 
Emotional 
Value 

PEV1 
While engaging in live shopping I am able to forget 
my problems and to feel relaxed. 

Park et al. 
(2012), Fu 
and Hsu 
(2023) 

PEV2 
Live shopping interactions excite me, making it feel 
like a playful experience. 

PEV3 
I enjoy live shopping interactions enough to forget a 
time out. 

PEV4 I interact during live shopping just for fun. 

Perceived 
Risk 

PR1 
I can’t examine the actual product because of the 
inability to touch and feel the item. Jarvenpaa et 

al. (2000), 
Forsythe et al. 
(2006) 

PR2 
I am concerned that I might waste money on this 
purchase. 

PR3 My personal information may not be kept. 

 

https://www.hhs.se/en/about-us/contact/data-protection/
https://www.hhs.se/en/about-us/contact/data-protection/
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Variable Code Measurement items Source 

Monetary 
Interactions 

MI1 The streamer offers product discounts to the viewers. 

Gu et al. 
(2016), Hsieh 
et al. (2005) 

MI2 The streamer provides coupons to the viewers. 

MI3 
The streamer frequently offers exclusive discounts in 
the live streaming. 

MI4 
Purchasing through the live stream provides special 
gifts. 

Non-
Monetary 
Interactions 

NIM1 Live shopping allows me to comment on products. 

Sun et al. 
(2019), Joo 
and Yang, 
(2023) 

NMI2 
Live shopping allows me to discuss product-related 
opinions with the streamer or other viewers. 

NMI3 
Live shopping allows me to establish interpersonal 
bonds with streamers or other viewers. 

NMI4 
Live shopping allows me to share shopping 
experiences with streamers. 

Interaction 
Intensity 

II1 
I frequently send live comments and participate in 
chats. Gu et al. 

(2016), Hsieh 
et al. (2005), 
Liu et al. 
(2022) 

II2 
I actively participate in lucky wheel, coupon grabs, 
and similar activities. 

II3 The streamer quickly responds to viewers’ questions. 

II4 The streamer often recommends products to me. 

 

 


